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Abstract: The academic interest in smart working, a form of flexible work characterized by the
use of technology to conduct one’s work, has dramatically increased over recent years, especially
during the COVID-19 pandemic. Building on the job demands–resources (JD-R) model, in this study
we investigate whether smart working affects the longitudinal association between perceived work
characteristics, such as workload and social support (SS), and workers’ health and well-being, in terms
of exhaustion. Overall, 185 workers completed a self-report questionnaire at two time points (four-
month time-lag) during the COVID-19 outbreak. The results from moderated multiple regression
analysis partially support our predictions. The longitudinal association between workload and
exhaustion was positive—although marginally significant—for smart workers, but nonsignificant for
in-person workers. Contrarily, the longitudinal association between SS and exhaustion was negative
for in-person workers, but nonsignificant for smart workers. Overall, this study suggests that, to
support employees’ health and productivity, work characteristics—both physical and psychosocial—
should fit the new way of working as well as remote workers’ specific needs and expectations. Hence,
to promote sustainable work, interventions should be aimed at helping smart workers to manage
their workload effectively, as well as reducing professional and social isolation.

Keywords: smart working; exhaustion; workload; social support; COVID-19; job demands–resources

1. Introduction

Technological advancements that have occurred over recent years have facilitated the
redefinition of work processes, including the diffusion of alternative work arrangements [1]
that provide employees with more flexibility in scheduling their job tasks, with respect to
time, place and method of execution [2]. In this scenario, telecommuting, which has been
referred to as remote work, telework or distance work, among other labels [3], represents
the most common flexible work arrangement; by using information and communication
technologies (ICTs), telecommuting allows employees to work away from the traditional
workplace (e.g., the office) [2]. However, although the various terms adopted in the litera-
ture overlap to some extent [3,4], some differences across the distinct conceptualizations
of telecommuting need to be acknowledged [3]. In their review of existing research on
telecommuting, Allen et al. [3] proposed the following definitions: telecommuting usually
“involves working some portion of time away from the conventional workplace, often from
home, and communicating by way of computer-based technology” (Allen et al., 2105, p. 43;
see also Golden, 2006) [3,5]. Furthermore, as noted by Allen et al. (2015, p. 43) [3], the term
telework, most frequently used in European or Australian literature, usually identifies a
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broader form of telecommuting that refers to “working from a variety of alternative loca-
tions outside of the central office (including full-time work from home but not necessarily
limited to home-based work) and includes work from home-based businesses, telecenters,
and call centers, and even work within an organization’s central office between individuals
who are interacting through the use of technology”. Similarly, according to Allen et al.
(p. 44) [3], remote work is typically regarded as a broader term than telecommuting that
denotes “any form of work not conducted in the central office, including work at branch
locations and differing business units”. In the Italian context, the term smart working
identifies a type of flexible work characterized by the absence of restrictions in space or time,
an organization by phases, cycles and objectives, as well as the adoption of technological
tools to allow employees to work remotely. In our country, smart working was originally
proposed with the aim of increasing competitiveness and facilitating the work–life balance
(Law 81/2017) [6].

In the pre-pandemic era, an ever-increasing number of workers around the world
were joining different smart-working programs that organizations, both public and private,
defined in line with the regulatory framework of their respective countries [7]. Since
then, the current COVID-19 pandemic has produced a sharp acceleration in this trend,
as smart working has become a widely used practice to contain the spread of the novel
coronavirus (e.g., by reducing physical proximity and social interactions) [8]. In Europe,
for example, the number of employees working remotely increased from 11% before the
COVID-19 pandemic to 48% during it, implying that about 40% of paid work hours during
the COVID-19 outbreak took place remotely [9]. In Italy, where smart working was less
common than in the rest of Europe before the pandemic [10], there were 570,000 smart
workers in 2019, with a marked increase compared to 2018 (+20%). With the onset of the
COVID-19 pandemic, the number of smart workers increased to 6,580,000 (+1054%) in
2020 [11]. As the vaccination campaign progressed, the number of smart workers reduced
to 4.07 million in the third quarter of 2021 [12], suggesting that smart working is here to
stay as part of the “new normal” [8].

Not surprisingly, given the spread and relevance of the phenomenon, the academic
interest about antecedents and consequences of smart working has increased over the
years. Below, we first propose a brief review of the literature on smart working aimed at
identifying the main research areas in the field to date. This section ends with a recent
theoretical conceptualization of smart working that builds on the previous literature and
outlines interesting avenues for future empirical investigations. Next, we describe the
theoretical background of the study, consisting of the job demands–resources (JD-R) model,
as well specific mechanisms underlying the hypothesized associations.

1.1. Literature Review and Conceptual Model

More broadly, the research in the field has focused on four main areas that explore
different—albeit intertwined—aspects of smart working [7], namely, psychological control
and autonomy, work intensification, work–life balance, as well as social and professional
isolation. The first area concerns whether smart working provides workers with more
autonomy in their work or if, by incorporating features, such as the use of ICTs, it increases
managers’ control over employees and work processes [7,13]. Previous research has shown
conflicting results. On the one hand, some studies showed employees working remotely
(versus in-person) to report greater perceived autonomy and to be more satisfied with their
job [4]. On the other hand, there is evidence reporting that ICTs may increase managerial
control on remote workers, thus leading to a reduction in workers’ autonomy [14]. In
fact, the spatial separation from managers and colleagues, with the consequent reduced
physical visibility, excludes the possibility of a behavior-based control by managers on
smart workers. Hence, managers would use ICTs (e.g., software, tracking systems) to
monitor employees and their work more closely [15]. Moreover, managers may believe
that smart workers have reduced performance compared to in-person workers. As a
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consequence, managers exercise more control on smart workers’ activities to sustain their
productivity [16].

The second research area focuses on intensification of work, which refers to the in-
creased “effort employees put into their jobs during the time that they are working” [17].
Two types of effort can be distinguished: “extensive” and “intensive” efforts [18]. Whereas
extensive effort refers to the time workers spend on work tasks, intensive effort relates
to physical and mental effort, and smart working may implicate an intensification of
both [19,20]. In turn, work intensification may give rise to employees’ stress, psychological
impairment and work–family conflict [19]. Furthermore, the use of ICTs to remain con-
nected to one’s work, also in terms of the tendency to continuously monitor notifications
or to check and react immediately to emails, can lead employees to work beyond normal
working hours (e.g., during evenings, the night and weekend) [3], with the risk of having
difficulties in detaching from work [21] and negative consequences on the work–family
balance [3].

The aforementioned issue is closely related to the third research area, which is about
work–life interference, in terms of both work–family conflict and family–work conflict. On
the one hand, the opportunity to work anywhere and anytime generates the expectation,
in colleagues at headquarters and in management, of being constantly connected and
reachable, with negative consequences in terms of work–family conflict [7]. The expectation
of immediate availability related to the use of ICTs undermines one of the most emphasized
advantages of smart working—that is, the possibility to conciliate work and private life.
On the other hand, given their temporal flexibility, smart workers receive more requests
from family members that would not be made in the presence of more defined working
hours [7], thus resulting in greater family–work conflict. Again, the findings concerning the
relationship between smart working and the work–family interference are mixed [3]. On the
one hand, the physical and temporal flexibility due to technology enables workers to switch
between work and family domains, which can result in reduced work–family conflict [22].
On the other hand, the blurred boundaries between work and family domains may also
increase inter-role distractions and interruptions, thus fostering role conflict [23]. In this
respect, the meta-analysis conducted by Gajendran and Harrison [4] highlights that time is
necessary to adapt to the changes associated with remote working: work–family conflict
appeared to be lower in those who have been working remotely for more than one year
than in those who have been adopting this work arrangement for less time. Additionally,
past research has shown differences in work–life interference based on gender and parental
responsibilities [24–26].

Finally, the last line of research addresses, the risk of isolation for smart workers. Previ-
ous studies showed that remote workers may experience feelings of social and professional
isolation [27,28]. In fact, some authors proposed that virtual connections would not be able
to compensate for the reduction in social contacts, in terms of face-to-face interactions and
social proximity with colleagues and supervisors, which may lead to social isolation [7].
The frequency of remote working seems to affect the association between remote working
and working relationships [4]. Specifically, spending more than 2.5 days per week working
away from the office resulted in lower relationship quality. Moreover, physical distance
from colleagues and supervisors may undermine opportunities for personal and profes-
sional development (e.g., career opportunities), leading employees to feel professionally
isolated [27–29].

In line with this extensive body of literature, and also based on recent research [8], in
this study, we conceptualize smart working as a “context” that shapes remote employees’
work experience, rather than simply as a work arrangement related to specific work char-
acteristics or individual outcomes (i.e., a predictor), such as autonomy or job satisfaction,
respectively (please see the Discussion Section for more details). Specifically, we believe that
smart working, by being associated, for example, with work intensification, work–family
conflict and isolation, may interfere with the achievement of one’s work goals and with
employees’ personal and professional development. Hence, the aim of this longitudinal
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study was to investigate whether the work arrangement (i.e., smart working vs. in-person
working) affects the association between perceived work characteristics and employees’
health and well-being over time. Specifically, building on the JD-R model [30,31], we
posited that workload and social support (SS)—as relevant job demands and resources,
respectively—would be longitudinally associated with exhaustion, a central aspect of job
burnout [32]. Furthermore, we expected the positive association between workload and
exhaustion to be stronger, while expecting the negative association between SS and ex-
haustion to be weaker, for smart workers. We describe in detail the theoretical rationale
underlying our hypotheses in the following sections of the article.

1.2. Smart Working, Job Demands/Resources and Exhaustion: The Current Study

Although originally proposed to explain job burnout [31], the JD-R is a flexible theo-
retical model that specifies the relationship between classes of constructs—including job
and personal characteristics, motivation, health and performance—and that can be applied
in several organizational contexts (for a critical and updated review of the JD-R model, see
Bakker and Demerouti [30], and Schaufeli and Taris [33]). According to the JD-R model, job
characteristics can be classified either as job demands or job resources [30,33,34]. On the
one hand, job demands are “those physical, psychological, social, or organizational aspects
of the job that require sustained physical and/or psychological effort and are therefore
associated with certain physiological and/or psychological costs” (p. 274) [30]. On the
other hand, the term job resources refers to “those physical, psychological, social, or organi-
zational aspects of the job that are functional in achieving work goals, reduce job demands
and the associated physiological and psychological costs, or stimulate personal growth,
learning, and development” (p. 274) [30]. According to the JD-R model, job demands and
job resources trigger a health impairment process and a motivational process, respectively.
In the health impairment process, as investigated in this study, chronic job demands (i.e.,
risk factors) require effort from workers and deplete their resources, both psychological and
physical, possibly leading over time to psychophysical symptoms and job burnout [30,34],
a “syndrome conceptualized as resulting from chronic workplace stress that has not been
successfully managed” [35]. Furthermore, a lack of job resources (i.e., protective factors)
precludes the achievement of one’s work goals, which may give rise to job burnout and
health complaints over time [33,36]. Hence, according to the JD-R model, burnout may
particularly arise when workers are encumbered by elevated job demands and experience
a dearth of job resources [33]. Specifically, in this study we concentrated on the exhaustion
dimension of burnout, which refers to “feelings of being overextended and depleted of
one’s emotional and physical resources” (p. 399) [32]. Exhaustion is the central feature
of burnout [32] and represents its energetic component [33]. Notably, exhaustion has a
key role in the development of burnout [37], as well as in the health impairment (or ener-
getic) [33] process of the JD-R model [30,38], as examined in this study. Finally, although
burnout syndrome is frequently reported among healthcare professionals providing care
to COVID-19 patients [39,40], recent research has shown that burnout is also a relevant
phenomenon in the general working population during the COVID-19 pandemic [41–43].

When investigating antecedents of exhaustion, workload and SS are often identified
in the literature as relevant job demands and resources in the general working popula-
tion [44–48]. Not surprisingly, both workload and SS play a key role in several theoretical
models of work-related stress and well-being, including the Demand–Control–Support
model [49,50], the Effort–Reward Imbalance model [51], the Conservation of Resources
theory [52], the Health and Safety Executive’s Management Standards [53], as well as the
JD-R model [34]. Although different conceptualizations exist [54], workload generally
refers to the amount of work to be conducted in a given time [44]. In line with the health
impairment process of the JD-R model, workload requires effort (e.g., to fulfil job demands)
and drains workers’ mental and physical resources, such as attention, energy or time [46].
Employees who are constantly exposed to high workload (and/or have insufficient oppor-
tunities for recovery) may develop exhaustion over time [55,56]. Empirical studies, both
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cross-sectional and longitudinal, supported the idea of an association between workload
and negative outcomes for the individual [44], including exhaustion [46,57]. Hence, based
on the health impairment process of the JD-R, according to which job demands may lead to
stress outcomes over time, and in line with previous empirical results, we hypothesized
that workload at T1 will positively predict exhaustion at T2. In particular, higher levels of
workload will be associated with higher levels of exhaustion four months later, controlling
for initial levels of exhaustion.

Hypothesis 1 (H1). Workload at T1 will positively predict exhaustion at T2.

Social support refers to interpersonal support from other individuals at work, includ-
ing supervisors and colleagues [58]. As a job resource, SS is functional in accomplishing
tasks effectively and achieving work goals: for example, a worker may be helped by their
supervisor or a colleague to overcome temporary challenges or difficulties in order to
complete the work as required [59,60]. Hence, SS can contribute to preventing exhaustion
in the long run [36]. Furthermore, SS can help employees to maintain or improve other
valuable resources at work [45,52], including personal resources, such as self-efficacy and
optimism [61,62], which can protect workers from negative outcomes of job stress [63].
Accordingly, employees who work in a supportive environment may feel more capable to
control their work environment and to handle unforeseen events at work [30,62], which
may result in lower levels of exhaustion over time [63,64]. In line with this reasoning,
previous cross-sectional and longitudinal studies have shown a negative association be-
tween SS and exhaustion [59,65,66]. Overall, based on the idea that job resources help to
protect workers against stress outcomes, and in line with previous empirical evidence, we
hypothesized that SS at T1 will negatively predict exhaustion at T2. Specifically, higher
levels of SS will be associated with lower levels of exhaustion four months later, controlling
for initial levels of exhaustion.

Hypothesis 2 (H2). Social support at T1 will negatively predict exhaustion at T2.

Finally, in this study, we also hypothesized that the work arrangement might affect
the longitudinal relationship between work characteristics, in terms of workload and
SS, and exhaustion. On the one hand, smart workers may have difficulty in managing
their workload due to technology-related problems (e.g., network connections, securing
devices) [67], frequent interruptions [68], high email quantity and poor email quality [69],
and an overwhelming amount of virtual meetings [70], which may ultimately result in
information overload [71] and loss of control over their work flow (see also [72] for a
review). Additionally, smart workers may find it difficult to focus on their work due to
family demands [7], and they usually have to perform multiple tasks at a time (both work-
and family-related), or switch from one task to another (i.e., multitasking) [73]. In this
perspective, smart workers may be less able to effectively manage their current workload.
In line with the health impairment process of the JD-R model, this implies a greater effort to
complete their tasks, higher psycho-physiological costs for the individual and, eventually,
higher levels of exhaustion over time. Hence, we hypothesized that the positive association
between workload at T1 and exhaustion at T2 will be stronger for smart workers.

Hypothesis 3 (H3). Work arrangement will moderate the association between workload at T1 and
exhaustion at T2, which is expected to be stronger for smart workers.

On the other hand, with respect to SS, it should be considered that communica-
tions, tasks and interpersonal collaborations are mostly mediated by technology when
working from home [8]. Hence, smart working may give rise to social and professional
isolation [27,28], thus weakening employees’ ability to establish direct and enduring rela-
tionships with colleagues and supervisor [74,75]. Similarly, compared to in-person workers,
smart workers have fewer opportunities for informal, face-to-face interactions with col-
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leagues and supervisors, which are essential for the development of emotions, knowledge,
shared values and mutual trust [7,16]. Hence, by hindering social and professional ex-
changes at work, smart working may result in poor and less effective social support, which
does not fully meet remote workers’ specific needs and expectations [16]. For example,
smart workers may be less able to obtain from colleagues or supervisors specific resources
or information, tailored to their unique needs, which would be useful to overcome work-
related problems and successfully complete their tasks [28,76]. Hence, by receiving less
effective support from colleagues or supervisors, smart workers may benefit less from
SS. This implies that smart workers may be less able to achieve their work goals and less
protected against exhaustion. Therefore, we hypothesized that the negative association
between SS at T1 and exhaustion at T2 will be weaker for smart workers.

Hypothesis 4 (H4). Work arrangement will moderate the association between SS at T1 and
exhaustion at T2, which is expected to be weaker for smart workers.

Finally, past research has shown that demographic variables (i.e., gender and age)
and work-related factors (i.e., type of contract) may relate to burnout and exhaustion.
Concerning gender, past studies suggested that women tend to experience higher levels
of burnout—and, specifically, exhaustion—than men [77,78]. A possible explanation may
involve gender roles, with women experiencing higher levels of work–family conflict, a well-
known risk factor for exhaustion [79], due to conflicting demands from work and home [78].
Similarly, age has been shown to be associated with job burnout, although results are mixed.
For example, a positive association between age and burnout may exist: the components
of burnout require time to emerge, since they arise from chronic workplace stress that
have not been successfully managed [35]. Accordingly, burnout and its components may
manifest in the later stages of one’s career, as a result of cumulated effects of prolonged
stress [80]. It is also possible that age may be negatively associated with burnout and
its components, given that workers tend to develop effective coping skills over time or
because individuals experiencing higher burnout tend to leave their job earlier [81,82].
Interestingly, the association between age and burnout may be affected by gender [80,83].
Finally, regarding the type of contract, previous studies suggest a relationship between
temporary employment and exhaustion, albeit with some inconsistent results [84–86]. For
example, it is possible that temporary employees experience unfavorable employment
conditions, including less job security, low wages and involuntary part-time, which may
have negative consequences on workers’ health [87,88]. In the light of a possible association
between gender, age, type of contract and exhaustion, the hypothesized associations were
examined both including and omitting these demographic and work-related characteristics.

2. Materials and Methods
2.1. Participants and Procedures

This study was conducted during the COVID-19 pandemic in Italy. Workers from
several organizational context were asked to fill out an online questionnaire aimed at
determining the constructs under investigation. They were also informed that a second
questionnaire would be administered four months later. The first wave (i.e., Time 1, T1)
occurred between the end of October 2020 and the first half of November 2020, while the
second wave (i.e., Time 2, T2) occurred between the end of February 2021 and the first half
of March 2021. Before taking part in the study, all participants provided written informed
consent. The project was approved by the Ethical Committee for the Psychological Research
of the University of Padua, Italy (protocol n. 3842). Overall, 295 participants took part in
the first wave of the study at T1, and 185 (62.7%) took part in both waves (i.e., T1 and T2).
There were no differences in main demographics or study variables between those who
dropped out of the study and those who completed the study.

The sample included 101 women (54.6%) and 84 men (45.4%) with a mean age of
37.6 years (SD = 12.3). Regarding the type of contract, 133 workers (71.9%) had a perma-
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nent contract, whereas 52 (28.1%) had a temporary contract. With respect to education,
88 workers (47.6%) held a secondary degree, whereas 97 (52.4%) had a university degree.
Concerning work experience, 82 employees (44.3%) had been working in their current
organization for less than 5 years, and 60 (32.4%) for more than 10 years. Finally, with
respect to the work arrangement, 100 participants (54.1%) were in-person workers, whereas
85 (45.9%) were smart workers.

2.2. Self-Report Measures

The questionnaire included the following measures:
Exhaustion was determined at both T1 and T2 by a scale taken from the Italian

adaptation of the Maslach Burnout Inventory [89]. The scale included nine items aimed at
detecting the feelings of being emotionally exhausted by one’s work. A sample item is: “I
feel emotionally drained from my work”. The items were rated on a response scale from 1
(never) to 6 (always), and higher scores reflected higher levels of exhaustion. Cronbach’s
alpha was 0.93 at T1 and 0.92 at T2.

Workload was assessed at T1 using four items, reflecting mostly quantitative work-
load [54], taken from the Qu–Bo test, a self-report, standardized questionnaire developed
for the Italian context [90]. An example of an item is: “Your job requires you to work very
fast”. The 6-point response scale ranged from 1 (strongly disagree) to 6 (strongly agree),
with higher scores reflecting higher levels of workload. Cronbach’s alpha was 0.84 at T1.

Social support was determined at T1 using a scale taken from the Safety at Work
(SAPH@W) Questionnaire [91], an instrument aimed at assessing perceived safety at work
during the COVID-19 pandemic. The items were rated on a response scale from 1 (not at
all) to 10 (completely), with higher scores referring to high levels of SS. Cronbach’s alpha
was 0.77 at T1.

Work arrangement was detected by asking each participant to indicate their work
arrangement at T1. The item discriminates those who work in-person from those who
work—in whole or in part—remotely (i.e., smart workers).

2.3. Data Analysis

First, to evaluate the psychometric properties of the self-report instruments adopted
in the study, a confirmatory factor analysis (CFA) was performed using the maximum
likelihood estimation with robust standard errors and a scaled test statistic [92]. In a four-
factor model, exhaustion (at both T1 and T2), workload and SS were measured by the
respective scale items. Residuals for indicators that were repeated over time (i.e., items
of the exhaustion scale) were freely estimated [93]. Since χ2 is affected by the sample
size, additional fit indices were considered: the root mean square error of approximation
(RMSEA), the comparative fit index (CFI) and the standardized root mean square residual
(SRMR). A model shows a good fit to data if χ2 is nonsignificant. Additionally, values close
to or less than 0.08 for RMSEA and SRMR, as well as values close to or greater than 0.90 for
CFI, indicated an acceptable fit [94]. Construct validity (i.e., convergent and discriminant
validity) and reliability were assessed using the average variance extracted (AVE) [95] and
coefficientω [96], respectively. AVE was used to assess convergent as well as discriminant
validity. An AVE greater than 0.50 indicated adequate convergent validity. Additionally,
discriminant validity was established if the AVE of any two constructs was greater than
their squared correlation, which reflected their shared variance [95]. Forω, values greater
than 0.70 suggested satisfactory reliability [97].

Then, the relationships hypothesized in the study were tested using moderated multi-
ple regression analysis [98]. In Model 1 (M1), exhaustion at T2 was regressed on exhaustion,
workload, SS and work arrangement at T1. In Model 2 (M2), the two interaction terms
between workload and work arrangement, as well as between SS and work arrangement,
were also included. Models 3 (M3) and 4 (M4) were similar to M1 and M2, respectively,
with the exception that the focal relationships were estimated controlling for the effect of
gender, age and type of contract. The variables included in the models (except dichoto-
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mous variables) were mean-centered. If significant interactions were found, then a simple
slope analysis was conducted to determine whether the associations between predictors
at T1 (i.e., workload or SS) and exhaustion at T2 were significant across different work
arrangements (i.e., in-person vs. smart working). Finally, to enable easier interpretations,
significant interactions were plotted following Aiken and West [98]. Data analysis was con-
ducted using R software (version 4.1.2, The R Foundation for Statistical Computing, Vienna,
Austria) [99]. In particular, the CFA was performed through the lavaan package version
0.6–10 [92], whereas the AVE and the coefficient ω were computed using the semTools
package version 0.5–5 [100] for R software.

3. Results
3.1. Confirmatory Factor Analysis

First, a CFA was performed to evaluate the psychometric properties of the self-report
questionnaires administered in the study. The model showed a less than adequate fit to
data: χ2(237) = 542.30, p < 0.001; RMSEA = 0.083, CFI = 0.876, SRMR = 0.067. Modification
indices indicated that an error covariance—between items 1 and 2 of exhaustion, which
shared a similar wording—should be freely estimated at both time points. A new CFA
was conducted, and fit indices showed an acceptable fit to data: χ2(235) = 480.15, p < 0.001;
RMSEA = 0.075, CFI = 0.901, SRMR = 0.068. Furthermore, the revised model showed a
better fit to data compared to the original model, ∆χ2(2) = 31.65, p < 0.001. The AVE ranged
from 0.58 (exhaustion at T2) to 0.67 (SS), whereas coefficientω ranged from 0.80 (SS) to 0.92
(exhaustion at T1). The correlation between the latent factors ranged from −0.48 (between
SS and exhaustion at T1) to 0.60 (between exhaustion at T1 and exhaustion at T2), and
AVE for each pair of latent factors was greater than their squared correlation. Overall, the
self-report questionnaires administered in this study showed good psychometric properties
in terms of factor structure, construct validity (i.e., convergent and discriminant validity)
and reliability.

3.2. Hypothesis Testing

Correlations and descriptive statistics are presented in Table 1. All variables had
univariate skewness and kurtosis that fell within the acceptable range of ±2.0 and ±7.0,
respectively [101]. As expected, there was a positive, large-sized correlation [102] between
exhaustion at T1 and exhaustion at T2 (r183 = 0.61, p < 0.001). Interestingly, a positive,
small- to-medium-sized correlation between workload at T1 and exhaustion at T2 emerged
(r183 = 0.23, p < 0.01), as well as a negative, medium-to-large-sized correlations between SS
at T1 and exhaustion at T2 (r183 = −0.39, p < 0.001). With respect to the control variables, no
differences emerged in the variables under investigation by gender, age and type of contract.
The results of the moderated regression analyses (i.e., M1 to M4) are shown in Table 2. In
M3 and M4, there was no association between control variables at T1 and exhaustion at
T2, with the exception of age, which was positively associated with exhaustion over time.
However, the results did not substantially differ across models that included or omitted
control variables. Hence, the results of the more parsimonious M1 and M2 are discussed
hereafter [103], although the results of all the tested models are shown in Table 2.

Table 1. Means, standard deviations and correlations between study variables (N = 185).

Variable M SD 1 2 3 4

1. Exhaustion (T2) 2.59 1.12 —
2. Exhaustion (T1) 2.54 1.15 0.61 *** —
3. Workload (T1) 3.94 1.17 0.23 ** 0.35 *** —

4. Social support (T1) 7.13 2.05 −0.39 *** −0.43 *** −0.13 † —
Note: T2 = Time 2; T1 = Time 1; † p < 0.10. ** p < 0.01. *** p < 0.001.
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Table 2. Multiple regression analyses for exhaustion (T2): Model 1, Model 2, Model 3 and Model 4
(N = 185).

Predictors (T1)
Model 1 Model 2 Model 3 Model 4

B SE B SE B SE B SE

Intercept 2.51 *** 0.09 2.50 *** 0.09 2.52 *** 0.12 2.51 *** 0.12
Gender 1 −0.16 0.13 −0.15 0.13

Age 0.01 * 0.01 0.01 * 0.01
Type of contract 2 0.21 0.16 0.22 0.15

Exhaustion 0.52 *** 0.07 0.50 *** 0.07 0.53 *** 0.07 0.52 *** 0.07
Workload 0.02 0.06 −0.05 0.07 0.02 0.06 −0.06 0.07

Social support −0.09 * 0.04 −0.15 *** 0.04 −0.08 * 0.04 −0.14 ** 0.04
Work arrangement 3 0.17 0.13 0.16 0.13 0.17 0.13 0.15 0.13

Workload x work arrangement 0.21 † 0.11 0.22 † 0.11
Social support x work arrangement 0.15 * 0.07 0.14 * 0.06

Total R2 0.40 *** 0.42 *** 0.42 *** 0.44 ***
Change in R2 0.02 * 0.02 *

Simple slope workload (in-person) −0.05 0.07 −0.06 0.07
Simple slope workload (smart working) 0.15 † 0.09 0.16 † 0.09
Simple slope social support (in-person) −0.15 *** 0.04 −0.14 ** 0.04

Simple slope social support (smart working) 0.00 0.05 0.01 0.05

Note: Exhaustion at Time 2 was the dependent variable in all the models tested. T2 = Time 2; T1 = Time 1;
B = unstandardized regression coefficient; SE = standard error; R2 = squared multiple correlation. 1 Female = 0,
male = 1; 2 permanent contract = 0, temporary contract = 1; 3 in-person working = 0, smart working = 1. † p < 0.10.
* p < 0.05. ** p < 0.01. *** p < 0.001.

In M1, the predictors at T1 accounted for 40% of the variance in exhaustion at T2
(R2 = 0.40, F(4, 180) = 29.48, p < 0.001). In this model, exhaustion at T1 positively predicted
exhaustion at T2 (b = 0.52, SE = 0.07, p < 0.001, β = 0.53), suggesting that exhaustion is
relatively stable across waves. Workload at T1 did not predict exhaustion at T2 (b = 0.02,
SE = 0.06, ns, β = 0.02), whereas SS at T1 negatively predicted exhaustion at T2 (b = −0.09,
SE = 0.04, p < 0.05, β = −0.17). Hence, Hypothesis 2 was supported, but Hypothesis 1
was not. In M2, the interaction terms accounted for an additional 2.5% of the variance in
exhaustion at T2, Fchange(2, 178) = 3.81, p < 0.05. The interaction between workload and work
arrangement was marginally significant (b = 0.21, SE = 0.11, p < 0.10, β = 0.22), whereas the
interaction between SS and work arrangement was significant (b = 0.15, SE = 0.07, p < 0.05,
β = 0.27). Simple slope analysis revealed that the association between the workload at T1
and exhaustion at T2 was positive and marginally significant for smart workers (b = 0.15,
SE = 0.09, p < 0.10, β = 0.16), but not significant for in-person workers. Furthermore,
the association between SS at T1 and exhaustion at T2 was negative and significant for
in-person workers (b = −0.15, SE = 0.04, p < 0.001, β = −0.28), but not significant for smart
workers. The interaction between workload and work arrangement is shown in Figure 1,
whereas the interaction between SS and work arrangement is represented in Figure 2. Smart
working strengthened the positive—albeit nonsignificant—association between workload
and exhaustion but weakened the negative association between SS and exhaustion. Overall,
Hypothesis 4 was supported, and Hypothesis 3 was partially supported.
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4. Discussion

In this longitudinal study, we investigated whether smart working affects the associa-
tion between perceived work characteristics and workers’ health and well-being over time.
More specifically, building on the JD-R model, we hypothesized that workload, as a job de-
mand, would positively predict exhaustion, whereas SS, as a job resource, would negatively
predict exhaustion. We also hypothesized that work arrangement would moderate these
longitudinal associations. In particular, we expected that the positive association between
workload and exhaustion would be stronger, while the negative association between SS
and exhaustion would be weaker, for smart workers.

The results partially support our hypotheses. Contrary to our expectations, workload
at T1 did not predict exhaustion at T2 (i.e., four months later), controlling for exhaustion at
T1. Conversely, SS negatively predicted exhaustion over time, which implies that higher
levels of SS at T1 were associated with lower levels of exhaustion at T2, controlling for initial
levels of exhaustion. With respect to the moderating role of smart working, the results show
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that the interaction between workload and work arrangement is marginally significant.
Specifically, smart working strengthened the positive—albeit nonsignificant—association
between workload at T1 and exhaustion at T2, which was positive and marginally signif-
icant for smart workers, but not significant for in-person workers. On the contrary, the
results show that the interaction between SS and work arrangement is significant: smart
working weakens the negative association between SS at T1 and exhaustion at T2, which
is negative and significant for in-person workers, but non-significant for smart workers.
Notably, these results did not change after controlling for age, gender and type of contract.

4.1. Theoretical Implications

Overall, we believe our study offers a novel insight into the complex phenomenon
of smart working, with both relevant theoretical and practical implications. With respect
to the former, as pointed out by Wang et al. (2020) [8], previous research in the field
predominantly followed two approaches. The first focuses on identifying the types of
work that are most suited to smart working (e.g., jobs involving complex tasks or low task
interdependence) [104], while the second concentrates on how engaging in smart work-
ing influences employees’ outcomes through perceived work characteristics (e.g., smart
working is associated with greater perceived job autonomy, which positively influences
job satisfaction and performance) [4]. Although these two approaches provide extremely
useful information about smart working, in this study, we went a step further. Specifically,
in line with the third approach described by Wang et al. (2020) [8], we considered smart
working as a “context” that influences the meaning of work characteristics and the ability
of workers to cope effectively with demands. From this perspective, smart working does
not necessarily affect employees’ well-being and performance through perceived work
characteristics (e.g., increased autonomy or work–family balance). Instead, to foster perfor-
mance and well-being, what matters is that work characteristics fit the new way of working
as well as smart workers’ specific needs and expectations. On the contrary, “unintended
outcomes might arise when virtual work characteristics fail to meet individual and/or task
requirements” (p. 22) [8]. Notably, as noted by the authors, this approach is particularly
useful in the context of the current COVID-19 pandemic, in which smart working is no
longer an option, but a necessity, and the meaning of some job demands/resources may be
considerably influenced by the extraordinary pandemic context [8].

Interestingly, in our study, smart workers did not report higher levels of workload
(M = 4.05, SD = 1.10) than in-person workers (M = 3.85, SD = 1.23), t(182.59) = −1.16,
p = 0.25. They also did not report lower levels of SS (M = 7.15, SD = 1.91) than in-person
workers (M = 7.11, SD = 2.16), t(182.72) = −0.12, p = 0.90. Contrarily, and in line with the
above reasoning, our research has shown that smart working, as a “context” that shapes re-
mote employees’ work experience, affected the association between job demands/resources
and exhaustion. On the one hand, the association between workload and exhaustion over
time was nonsignificant for in-person workers, but a positive (albeit marginally significant)
longitudinal association between workload and exhaustion emerged for smart workers.
A possible explanation is that smart working is associated with both work intensification
and extensification [19,20]; due to difficulties in managing their workload [67–70], smart
workers may end up investing more effort—physical and mental—and spending more
time in their work to perform their tasks effectively and achieve their goals. Additionally,
given the blurred boundaries between work and family domains, they may also experience
higher levels of work–family/family–work conflict [3,105]. This may result in greater
inability to switch-off from work and impaired recovery experiences [106], possibly leading
to exhaustion over time [56].

On the other hand, our study showed that, as expected, there was a negative associ-
ation between SS and exhaustion over time for in-person workers, but the longitudinal
association between SS and exhaustion was nonsignificant for smart workers. A possible
explanation is that in-person workers have many opportunities for social interactions
with colleagues and supervisors at work, making it easier for them to ask for and ob-
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tain effective support to complete their tasks successfully, which leads to a lower risk of
burnout. Conversely, since remote working hinders social and professional exchanges at
work [16,27,28], traditional strategies of SS are less effective for smart workers, who have
specific needs and expectations. These include, for example, the need for instrumental
support from supervisors/colleagues to accomplish tasks when working from home or to
handle problems related with ICTs [8]. Smart workers might also need emotional support
from supervisors/colleagues to overcome social isolation and to maintain bonds with other
work team members [107]. Of course, it is also possible that traditional forms of SS simply
cannot be applied to smart workers, and new strategies need to be implemented (we briefly
describe this aspect in the practical implications section of this article).

Overall, our results are in line with the JD-R model, with some unexpected and
intriguing exceptions. In fact, contrary to the model assumptions, the association between
workload—a job demand—and exhaustion over time was not significant for in-person
workers. Similarly, SS—a job resource—was not associated with exhaustion over time in
smart workers. However, it should be noted that the JD-R model is a descriptive model that
outlines the relationships between classes of constructs, including job demands/resources
and health/motivation, without describing the underlying theoretical mechanisms [33].
Hence, following Bakker and Demerouti [30], we draw on the conservation of resources
(COR) theory [52,108] to outline a more comprehensive discussion of our findings.

According to the COR theory, individuals seek to acquire, retain and protect things
they value, namely, resources. These include, for example, conditions (e.g., health, employ-
ment), objects (e.g., technological equipment), personal characteristics (e.g., self-efficacy,
key skills) or energy resources (e.g., energy, time). In this context, stress occurs when
resources are actually lost or threatened with loss, or when people do not acquire adequate
resources in front of significant resources investment. A principle of the COR theory is
that individuals must invest resources to protect/recover from resource loss, as well as
to gain resources. Hence, individuals with more resources are more capable of resource
gain and less vulnerable to resource loss, whereas those with limited resources are more
vulnerable to resource loss and less capable of resource gain. Another principle of COR
is that resource gains become more salient in the context of resource loss, meaning that
resource gains are especially valued in conditions of heavy losses (i.e., the gain paradox
principle) [108]. Finally, it should be considered that resources do not exist individually but
rather aggregated in packs (i.e., resource caravans).

In line with the COR theory, workload may directly deplete employees’ resources,
such as time or psycho-physical energy, or it may interfere with the acquisition of new
resources, such as the case when a worker does not have adequate time to cultivate social
relationships (e.g., with family members or friends), thus resulting in exhaustion [46].
When confronted with a high workload, workers may invest additional resources to protect
against resource loss: for instance, they may use resources to cope effectively with an
elevated job demand. At this stage, workers may also seek SS, which, in a COR perspective,
is desired on its own (as a resource) and because it contributes to the maintenance of large
resource reservoirs (e.g., by being functional in obtaining other useful resources) [52], thus
helping individuals to cope with demands as well as prevent exhaustion. This point was
clarified by Halbesleben et al. [109], who argued that resources hold value for an individual
to the extent that they are perceived to be helpful in achieving one’s goals, meaning that
the value of a specific resource can vary significantly across different contexts. From this
perspective, the employees who thrive are not necessarily the ones with more resources,
but the ones that are best able to allocate their resources to maximize their fit with the work
environment [109]. As mentioned before, smart workers may actually be supported by
colleagues and supervisors, but they may benefit less from the support they receive, which
is not tailored to their specific needs and expectations. From this perspective, by being
scarcely useful both in acquiring other resources and achieving one’s work objectives, SS
may be a less valuable resource for smart workers. Hence, in-person workers, who benefit
most from effective support from colleagues/supervisors, are less vulnerable to resource
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loss and, consequently, exhaustion. Contrarily, smart workers, who derive little benefit
from less effective SS at work, are more vulnerable to resource loss and less protected
against exhaustion. This explains why, according to the COR theory, SS is not associated
with exhaustion over time in smart workers.

However, to better understand the lack of a longitudinal association between workload
and exhaustion for in-person workers, it is necessary to consider the context in which the
study occurred, characterized by the COVID-19 pandemic. Specifically, from a COR
perspective, the COVID-19 outbreak resulted in considerable resource loss for individuals,
in terms of economic (e.g., temporary loss of income), social (e.g., loss in relationships with
family and friends), leisure (e.g., loss of opportunity to travel), psychological (e.g., loss
on control over one’s future) and health-related (e.g., loss in physical and mental health)
resources [110,111]. Compared to remote working, office working is associated with a pool
of relevant resources (i.e., resource caravan) [109], such as social interactions and rewards,
opportunities for professional development and clear boundaries between work and home,
which can facilitate physical and psychological detachment from work [109]. Furthermore,
in line with the gain paradox principle, the resource gains associated with in-person work
are especially valuable during the COVID-19 pandemic, to compensate for actual resource
loss or prevent further loss. For example, as noted by Wang et al. [8], being socially
connected with others at work may be especially relevant during the COVID-19 outbreak,
in which social gatherings are made difficult by restrictions and social distancing. In line
with this reasoning, since office working is associated with a pool of relevant resources,
and given that individuals with greater resources are less vulnerable to resource loss, in-
person workers may be more resilient and better able to cope with job demands (e.g., high
workload) compared to smart workers, which explains the lack of a longitudinal association
between workload and exhaustion for the former during the COVID-19 pandemic.

All in all, we believe that the approach proposed in this study, as well as its findings,
will contribute to providing a starting point for future research in the field of work and
organizational psychology. Although the COVID-19 pandemic has produced a sharp
acceleration in the adoption of smart working, hybrid work arrangements—that combine
office work and smart working [112]—will be increasingly prevalent in the future [8].
Hence, forthcoming research needs to consider both situational (e.g., social, organizational
and policy-related) as well as individual (e.g., personal characteristics) factors that may
shape hybrid workers’ experiences at home versus the office.

4.2. Limitations and Future Research Directions

This study has some limitations. First, it is possible that the four-month time-lag
between the two measurement occasions represents a rather short time frame to investigate
the longitudinal association between workload/SS and exhaustion, which stems from
prolonged workplace stress that has not been adequately managed. This also offers a po-
tential alternative explanation for the lack of association between workload and exhaustion.
However, the choice of this time-lag is consistent with previous empirical research in the
field [65,113] and is based on the assumption that the impact of job demands/resources
on health outcomes (e.g., well-being, psychophysical strain) may be weakened if the time
interval between waves is too long [114,115]. Second, the longitudinal reversed effect of ex-
haustion on workload/SS was not investigated in this study. It can be argued that workers
with higher levels of exhaustion may also experience higher levels of workload and lower
levels of SS over time, because they have no or limited resources (e.g., psychological or phys-
ical energies) to handle their job demands or seek support from others, respectively. Hence,
although our hypotheses are in line with relevant models of work-related stress—including
the JD-R model—and previous empirical research [116–118], future studies could examine
the reciprocal association over time between workload/SS and exhaustion (e.g., using a
cross-lagged panel model) across different work arrangements. Third, our sample levels
of exhaustion were moderate—below the scale midpoint—at both time points, which is
perhaps due to the relatively low mean age of the study participants [80]. Hence, further
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research is recommended to replicate and extend our findings among aging workers and
in occupational contexts characterized by chronic interpersonal stressors and elevated
levels of work-related stress, such as, for example, teachers. Fourth, the two measurement
occasions substantially overlapped with two different stages of the COVID-19 pandemic
in Italy, namely, the second and third waves [119]. Hence, it is possible that external con-
tingencies may have affected our findings. However, the first measurement occasion was
conducted approximately eight months after the emergence of the new coronavirus, and
exhaustion was relatively stable across waves, suggesting that the pandemic should not
be responsible for major changes in exhaustion over time. All in all, we believe our study
offers an interesting insight into smart workers’ work experiences and well-being during
the COVID-19 outbreak, in which millions of people around the world were suddenly
forced to work from home, giving rise to a “global experiment” of smart working [8]. Fifth,
in this study, we mostly focused on quantitative workload—that is, the amount of work
to be conducted in a given time, the most common aspect of workload considered in the
literature [44]. However, future research could also address qualitative workload (e.g., the
necessity to constantly solve new problems at work) [120], which reflects the “difficulty
or complexity of the job, for which the worker is not trained or does not have enough
resources to deal with” (p. 2) [120], as well as its consequences over time across different
work arrangements. Similarly, we also adopted an overall measure of SS in this study. In
line with recent research [58], we encourage researchers to distinguish between different
types of social support in future research, including, for example, instrumental, emotional,
and informational support. Sixth, in this study, we exclusively relied on self-report mea-
sures. Although a temporal separation between the measurement of the independent and
dependent variables should alleviate concerns about common method bias in the current
study [121], future research may benefit from the integration of different measurement
methods, including observer rating of demands/resources or objective measures of ill-being
(e.g., biomarkers of stress, such as pro-inflammatory cytokines or hair cortisol) [122–124].
Finally, although not a limitation per se, we acknowledged that the COVID-19 pandemic
may have influenced our results. By conceptualizing smart working as a “context” that
shapes employees’ work experience, it should be considered that this experience depends
on whether remote working is created by the organization (e.g., to reduce costs), sought
by workers (e.g., to increase efficiency and work performance, to manage the work and
family domains and to help the environment by saving energy and reducing traffic as
well as air and noise pollution) or both [2,3]. However, during the COVID-19 pandemic,
smart working was not considered an option, but rather a necessity to contain the spread
of SARS-CoV-2 (e.g., by reducing physical proximity and social interactions) [8]. Hence,
additional research is warranted to replicate and extend our results.

4.3. Practical Implications

Despite the aforementioned limitations, we believe our study has several practical
implications. Conceptualizing smart working as a context that shapes remote employ-
ees’ work experience, our study suggests that organizations should primarily adopt good
management practices aimed at targeting those working conditions—both physical and
psychosocial—associated with stress among smart workers (i.e., primary prevention). On
the one hand, organizations should encourage supervisors to develop new skills that effec-
tively support smart workers and help them to manage their workload. These include, for
example, e-leadership [125], which encompasses communication skills, in terms of com-
munication clarity and management of communication flow (e.g., email, virtual meetings);
technological skills, such as technological knowledge, which can help workers to cope with
technology-related problems (e.g., network connections); and trustworthiness. Similarly,
supervisors should be encouraged not to shift their focus from supporting smart workers’
performance to excessive monitoring and control of their work activities [16]. Moreover,
with the aim of containing the tendency to exceed normal working hours, organizations
should define specific policies that limit the use of work-related technologies during leisure
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time [126]. On the other hand, smart workers might need emotional support from supervi-
sors/colleagues to reduce feelings of social isolation and maintain social bonds with other
team members. Hence, attention should be devoted to creating opportunities for non-task
interactions to allow social connections and continuity among team members [107]. Finally,
supervisors should provide clear information about work objectives as well as personal
and career development, to reduce feelings of professional isolation resulting from the
central workplace’s physical distance. Additionally, our study suggests that interventions
should also be aimed at the identification and training of those workers who are par-
ticularly at risk of burnout, including smart workers (i.e., secondary prevention). From
this perspective, interventions could be directed towards the replenishment of resources
that are depleted at work (e.g., by fostering recovery), the proactive modification of job
characteristics (e.g., through job crafting) and the effective management of the boundary
between work and non-work domains [127]. First, based on the idea that resources built
during leisure time may spill over into the working life, individuals should be encouraged
to proactively create changes in their non-working lives (i.e., off-job crafting), whose fa-
vorable effects may in turn manifest at work [127]. For example, employees should learn
the benefits of mentally “switching off” from one’s work-related thoughts during off-job
time (i.e., detachment), as well as the importance of being closely related and emotionally
connected to relevant others—such as family members or friends—when not working (i.e.,
affiliation) [128]. A recent study suggested that detachment and affiliation may be useful
in replenishing psychophysical resources usually depleted at work, thus contributing to
preventing burnout [127]. Second, interventions should be aimed at promoting job crafting,
meaning that workers are encouraged to proactively optimize their own job design [129],
for example, by increasing structural job resources (e.g., seeking greater clarity of tasks, in
which roles and tasks are well-defined). Recent research during the COVID-19 outbreak has
shown that job crafting can be useful in dealing with the negative effects of work overload,
especially when working from home [130]. Finally, since the worktime boundary between
work and private life could gradually disappear when working from home [131], inter-
ventions should be aimed at helping workers to preserve a clear physical or psychological
distinction (i.e., segmentation) between work and non-work domains (e.g., walking around
the block as an alternative commuting strategy when working from home) [132].

5. Conclusions

All in all, our study found that the longitudinal association between workload and
exhaustion was positive—although marginally significant—for smart workers, but non-
significant for in person workers. On the contrary, the longitudinal association between SS
and exhaustion was negative for in-person workers, but nonsignificant for smart workers.
Stated differently, workload appeared to be a more critical job demand, whereas SS was a
less valuable resource, for smart workers during the COVID-19 outbreak. Overall, these
findings are consistent with the JD-R model [30,31], albeit with aforementioned exceptions,
as well as the conceptualization of smart working as a “context” that shapes remote employ-
ees’ work experience [8]. This study suggests that, to support smart workers’ well-being
and performance, work characteristics—both physical and psychosocial—should fit the
new way of working as well as remote workers’ specific needs and expectations. Hence,
possible negative aspects of smart working—as implemented in the pandemic-related
emergency—need to be thoroughly considered and addressed by organizations. However,
smart working will probably continue to play a central role in the “new normal” after
the COVID-19 pandemic. Hence, organizations should encourage supervisors to develop
new skills and leadership styles (e.g., e-leadership) [125] to support smart workers and
help them to manage their workload effectively. Similarly, organizations should encour-
age supervisors to foster trust and reduce isolation, both social and professional, among
team members.
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16. Slavković, M.; Sretenović, S.; Bugarčić, M. Remote Working for Sustainability of Organization during the COVID-19 Pandemic:

The Mediator-Moderator Role of Social Support. Sustainability 2022, 14, 70. [CrossRef]
17. Burchell, B.; Ladipo, D.; Wilkinson, F. The Prevalence and Redistribution of Job Insecurity and Work Intensification. In Job

Insecurity and Work Intensification; Routledge: London, UK, 2002; pp. 61–76.
18. Green, F. It’s Been A Hard Day’s Night: The Concentration and Intensification of Work in Late Twentieth-Century Britain. Br. J.

Ind. Relat. 2001, 39, 53–80. [CrossRef]
19. Kelliher, C.; Anderson, D. Doing more with less? Flexible working practices and the intensification of work. Hum. Relat. 2010,

63, 83–106. [CrossRef]
20. Palumbo, R. Let me go to the office! An investigation into the side effects of working from home on work-life balance. Int. J.

Public Sect. Manag. 2020, 33, 771–790. [CrossRef]

http://doi.org/10.1146/annurev-orgpsych-032516-113332
http://doi.org/10.1177/1529100615593273
http://www.ncbi.nlm.nih.gov/pubmed/26403188
http://doi.org/10.1037/0021-9010.92.6.1524
http://www.ncbi.nlm.nih.gov/pubmed/18020794
http://doi.org/10.1002/job.369
http://doi.org/10.3390/ejihpe11040108
http://doi.org/10.13128/cambio-24960
http://doi.org/10.1111/apps.12290
https://sna.gov.it/fileadmin/files/workshop_seminari/0_2021/Conferenza_Ripensare_la_PA/M._Corso_Ruolo_e_prospettive_smart_working_nella_PA.pdf
https://sna.gov.it/fileadmin/files/workshop_seminari/0_2021/Conferenza_Ripensare_la_PA/M._Corso_Ruolo_e_prospettive_smart_working_nella_PA.pdf
https://sna.gov.it/fileadmin/files/workshop_seminari/0_2021/Conferenza_Ripensare_la_PA/M._Corso_Ruolo_e_prospettive_smart_working_nella_PA.pdf
http://doi.org/10.3280/SO2018-002002
http://doi.org/10.1177/0170840615593587
http://doi.org/10.1108/ER-09-2018-0241
http://doi.org/10.3390/su14010070
http://doi.org/10.1111/1467-8543.00189
http://doi.org/10.1177/0018726709349199
http://doi.org/10.1108/IJPSM-06-2020-0150


Sustainability 2022, 14, 7121 17 of 20

21. Charalampous, M.; Grant, C.A.; Tramontano, C.; Michailidis, E. Systematically reviewing remote e-workers’ well-being at work:
A multidimensional approach. Eur. J. Work Organ. Psychol. 2019, 28, 51–73. [CrossRef]

22. Hill, E.J.; Erickson, J.J.; Holmes, E.K.; Ferris, M. Workplace flexibility, work hours, and work-life conflict: Finding an extra day or
two. J. Fam. Psychol. 2010, 24, 349–358. [CrossRef]

23. Tennakoon, K.L.U.S. Empowerment or enslavement: The impact of technology-driven work intrusions on work–life balance.
Can. J. Adm. Sci. 2021, 38, 414–429. [CrossRef]

24. Graham, M.; Weale, V.; Lambert, K.A.; Kinsman, N.; Stuckey, R.; Oakman, J. Working at Home: The Impacts of COVID-19 on
Health, Family-Work-Life Conflict, Gender, and Parental Responsibilities. J. Occup. Environ. Med. 2021, 63, 938–943. [CrossRef]

25. Chung, H.; Seo, H.; Forbes, S.; Birkett, H. Working from Home during the COVID-19 Lockdown: Changing Preferences and the Future of
Work; University of Kent: Canterbury, UK, 2020.

26. Del Boca, D.; Oggero, N.; Profeta, P.; Rossi, M. Women’s and men’s work, housework and childcare, before and during COVID-19.
Rev. Econ. Househ. 2020, 18, 1001–1017. [CrossRef]

27. Cooper, C.D.; Kurland, N.B. Telecommuting, professional isolation, and employee development in public and private organiza-
tions. J. Organ. Behav. 2002, 23, 511–532. [CrossRef]

28. Golden, T.D.; Veiga, J.F.; Dino, R.N. The impact of professional isolation on teleworker job performance and turnover intentions:
Does time spent teleworking, interacting face-to-face, or having access to communication-enhancing technology matter? J. Appl.
Psychol. 2008, 93, 1412–1421. [CrossRef] [PubMed]

29. Errichiello, L.; Pianese, T. Toward a theory on workplaces for smart workers. Facilities 2019, 38, 298–315. [CrossRef]
30. Bakker, A.B.; Demerouti, E. Job demands–resources theory: Taking stock and looking forward. J. Occup. Health Psychol. 2017,

22, 273–285. [CrossRef] [PubMed]
31. Demerouti, E.; Bakker, A.B.; Nachreiner, F.; Schaufeli, W.B. The job demands-resources model of burnout. J. Appl. Psychol. 2001,

86, 499–512. [CrossRef]
32. Maslach, C.; Schaufeli, W.B.; Leiter, M.P. Job Burnout. Annu. Rev. Psychol. 2001, 52, 397–422. [CrossRef]
33. Schaufeli, W.B.; Taris, T.W. A Critical Review of the Job Demands-Resources Model: Implications for Improving Work and Health.

In Bridging Occupational, Organizational and Public Health: A Transdisciplinary Approach; Bauer, G.F., Hämmig, O., Eds.; Springer:
Dordrecht, The Netherlands, 2014; pp. 43–68, ISBN 978-94-007-5640-3.

34. Bakker, A.B.; Demerouti, E. The Job Demands-Resources model: State of the art. J. Manag. Psychol. 2007, 22, 309–328. [CrossRef]
35. World Health Organization International Statistical Classification of Diseases and Related Health Problems, 11th ed.; WHO: Geneva,

Switzerland, 2019.
36. Schaufeli, W.B.; Bakker, A.B. Job demands, job resources, and their relationship with burnout and engagement: A multi-sample

study. J. Organ. Behav. 2004, 25, 293–315. [CrossRef]
37. Diestel, S.; Schmidt, K.-H. Direct and interaction effects among the dimensions of the Maslach Burnout Inventory: Results from

two German longitudinal samples. Int. J. Stress Manag. 2010, 17, 159–180. [CrossRef]
38. Bakker, A.B.; Demerouti, E.; Verbeke, W. Using the job demands-resources model to predict burnout and performance.

Hum. Resour. Manag. 2004, 43, 83–104. [CrossRef]
39. Tan, B.Y.; Kanneganti, A.; Lim, L.J.; Tan, M.; Chua, Y.X.; Tan, L.; Sia, C.H.; Denning, M.; Goh, E.T.; Purkayastha, S.; et al. Burnout

and Associated Factors Among Health Care Workers in Singapore During the COVID-19 Pandemic. J. Am. Med. Dir. Assoc. 2020,
21, 1751–1758. [CrossRef]

40. Campbell, E.; Popescu, G.H. Psychological Distress, Moral Trauma, and Burnout Syndrome among COVID-19 Frontline Medical
Personnel. Psychosoc. Issues Hum. Resour. Manag. 2021, 9, 63–76. [CrossRef]

41. Falco, A.; Girardi, D.; Dal Corso, L.; Yıldırım, M.; Converso, D. The perceived risk of being infected at work: An application of the
job demands–resources model to workplace safety during the COVID-19 outbreak. PLoS ONE 2021, 16, e0257197. [CrossRef]
[PubMed]

42. Pressley, T. Factors Contributing to Teacher Burnout During COVID-19. Educ. Res. 2021, 50, 325–327. [CrossRef]
43. Lam, L.T.; Lam, M.K.; Reddy, P.; Wong, P. Factors Associated with Work-Related Burnout among Corporate Employees Amidst

COVID-19 Pandemic. Int. J. Environ. Res. Public Health 2022, 19, 1295. [CrossRef]
44. Nixon, A.E.; Mazzola, J.J.; Bauer, J.J.; Krueger, J.R.; Spector, P.E. Can work make you sick? A meta-analysis of the relationships

between job stressors and physical symptoms. Work Stress 2011, 25, 1–22. [CrossRef]
45. Halbesleben, J.R.B. Sources of social support and burnout: A meta-analytic test of the conservation of resources model. J. Appl.

Psychol. 2006, 91, 1134–1145. [CrossRef]
46. Bowling, N.A.; Alarcon, G.M.; Bragg, C.B.; Hartman, M.J. A meta-analytic examination of the potential correlates and conse-

quences of workload. Work Stress 2015, 29, 95–113. [CrossRef]
47. Crawford, E.R.; Le Pine, J.A.; Rich, B.L. Linking job demands and resources to employee engagement and burnout: A theoretical

extension and meta-analytic test. J. Appl. Psychol. 2010, 95, 834–848. [CrossRef]
48. Bélanger, J.J.; Pierro, A.; Barbieri, B.; De Carlo, N.A.; Falco, A.; Kruglanski, A.W. One size doesn’t fit all: The influence of

supervisors’ power tactics and subordinates’ need for cognitive closure on burnout and stress. Eur. J. Work Organ. Psychol. 2016,
25, 287–300. [CrossRef]

49. Karasek, R.A.J. Job Demands, Job Decision Latitude, and Mental Strain: Implications for Job Redesign. Adm. Sci. Q. 1979,
24, 285–308. [CrossRef]

http://doi.org/10.1080/1359432X.2018.1541886
http://doi.org/10.1037/a0019282
http://doi.org/10.1002/cjas.1610
http://doi.org/10.1097/JOM.0000000000002337
http://doi.org/10.1007/s11150-020-09502-1
http://doi.org/10.1002/job.145
http://doi.org/10.1037/a0012722
http://www.ncbi.nlm.nih.gov/pubmed/19025257
http://doi.org/10.1108/F-11-2018-0137
http://doi.org/10.1037/ocp0000056
http://www.ncbi.nlm.nih.gov/pubmed/27732008
http://doi.org/10.1037/0021-9010.86.3.499
http://doi.org/10.1146/annurev.psych.52.1.397
http://doi.org/10.1108/02683940710733115
http://doi.org/10.1002/job.248
http://doi.org/10.1037/a0018967
http://doi.org/10.1002/hrm.20004
http://doi.org/10.1016/j.jamda.2020.09.035
http://doi.org/10.22381/pihrm9220215
http://doi.org/10.1371/journal.pone.0257197
http://www.ncbi.nlm.nih.gov/pubmed/34499675
http://doi.org/10.3102/0013189X211004138
http://doi.org/10.3390/ijerph19031295
http://doi.org/10.1080/02678373.2011.569175
http://doi.org/10.1037/0021-9010.91.5.1134
http://doi.org/10.1080/02678373.2015.1033037
http://doi.org/10.1037/a0019364
http://doi.org/10.1080/1359432X.2015.1061999
http://doi.org/10.2307/2392498


Sustainability 2022, 14, 7121 18 of 20

50. Johnson, J.V.; Hall, E.M. Job strain, work place social support, and cardiovascular disease: A cross-sectional study of a random
sample of the Swedish working population. Am. J. Public Health 1988, 78, 1336–1342. [CrossRef] [PubMed]

51. Siegrist, J. Adverse health effects of high-effort/low-reward conditions. J. Occup. Health Psychol. 1996, 1, 27–41. [CrossRef]
52. Hobfoll, S.E. Conservation of resources: A new attempt at conceptualizing stress. Am. Psychol. 1989, 44, 513–524. [CrossRef]

[PubMed]
53. Edwards, J.A.; Webster, S.; Van Laar, D.; Easton, S. Psychometric analysis of the UK Health and Safety Executive’s Management

Standards work-related stress Indicator Tool. Work Stress 2008, 22, 96–107. [CrossRef]
54. Xie, J.L.; Schaubroeck, J.; Lam, S.S.K. Theories of job stress and the role of traditional values: A longitudinal study in China.

J. Appl. Psychol. 2008, 93, 831–848. [CrossRef] [PubMed]
55. Bakker, A.B.; Xanthopoulou, D.; Demerouti, E. How does chronic burnout affect dealing with weekly job demands? A test of

central propositions in JD-R and COR-theories. Appl. Psychol. 2022. [CrossRef]
56. Geurts, A.E.S.; Sonnentag, S. Recovery as an explanatory mechanism in the relation between acute stress reactions and chronic

health impairment. Scand. J. Work. Environ. Health 2006, 32, 482–492. [CrossRef]
57. Lee, Y.; Eissenstat, S.J. A longitudinal examination of the causes and effects of burnout based on the job demands-resources model.

Int. J. Educ. Vocat. Guid. 2018, 18, 337–354. [CrossRef]
58. Jolly, P.M.; Kong, D.T.; Kim, K.Y. Social support at work: An integrative review. J. Organ. Behav. 2020, 42, 229–251. [CrossRef]
59. Yürür, S.; Sarikaya, M. The Effects of Workload, Role Ambiguity, and Social Support on Burnout Among Social Workers in Turkey.

Adm. Soc. Work 2012, 36, 457–478. [CrossRef]
60. Salanova, M.; Schaufeli, W.B.; Xanthopoulou, D.; Bakker, A.B. The Gain Spiral of Resources and Work Engagement: Sustaining a

Positive Worklife. In Work Engagement: A Handbook of Essential Theory and Research; Psychology Press: New York, NY, USA, 2010;
pp. 118–131. ISBN 978-1-84169-736-9.

61. Xanthopoulou, D.; Bakker, A.B.; Heuven, E.; Demerouti, E.; Schaufeli, W.B. Working in the Sky: A Diary Study on Work
Engagement among Flight Attendants. J. Occup. Health Psychol. 2008, 13, 345–356. [CrossRef] [PubMed]

62. Xanthopoulou, D.; Bakker, A.B.; Demerouti, E.; Schaufeli, W.B. The role of personal resources in the job demands-resources model.
Int. J. Stress Manag. 2007, 14, 121–141. [CrossRef]

63. Shoji, K.; Cieslak, R.; Smoktunowicz, E.; Rogala, A.; Benight, C.C.; Luszczynska, A. Associations between job burnout and
self-efficacy: A meta-analysis. Anxiety Stress Coping 2016, 29, 367–386. [CrossRef]

64. Alarcon, G.M.; Eschleman, K.J.; Bowling, N.A. Relationships between personality variables and burnout: A meta-analysis.
Work Stress 2009, 23, 244–263. [CrossRef]

65. Maas, J.; Schoch, S.; Scholz, U.; Rackow, P.; Schüler, J.; Wegner, M.; Keller, R. Teachers’ perceived time pressure, emotional
exhaustion and the role of social support from the school principal. Soc. Psychol. Educ. 2021, 24, 441–464. [CrossRef]

66. Marín, M.J.A.; García-Ramírez, M. Social support and emotional exhaustion among hospital nursing staff. Eur. J. Psychiatry 2005,
19, 96–106. [CrossRef]

67. Hosoda, M. Telework amidst the COVID-19 pandemic: Effects on work style reform in Japan. Corp. Gov. 2021, 21, 1059–1071.
[CrossRef]

68. Ninaus, K.; Diehl, S.; Terlutter, R.; Chan, K.; Huang, A. Benefits and stressors—Perceived effects of ICT use on employee health
and work stress: An exploratory study from Austria and Hong Kong. Int. J. Qual. Stud. Health Well-Being 2015, 10, 28838.
[CrossRef]

69. Brown, R.; Duck, J.; Jimmieson, N. E-mail in the workplace: The role of stress appraisals and normative response pressure in the
relationship between e-mail stressors and employee strain. Int. J. Stress Manag. 2014, 21, 325–347. [CrossRef]

70. Waizenegger, L.; McKenna, B.; Cai, W.; Bendz, T. An affordance perspective of team collaboration and enforced working from
home during COVID-19. Eur. J. Inf. Syst. 2020, 29, 429–442. [CrossRef]

71. Molino, M.; Ingusci, E.; Signore, F.; Manuti, A.; Giancaspro, M.L.; Russo, V.; Zito, M.; Cortese, C.G. Wellbeing Costs of Technology
Use during COVID-19 Remote Working: An Investigation Using the Italian Translation of the Technostress Creators Scale.
Sustainability 2020, 12, 5911. [CrossRef]

72. La Torre, G.; Esposito, A.; Sciarra, I.; Chiappetta, M. Definition, symptoms and risk of techno-stress: A systematic review. Int. Arch.
Occup. Environ. Health 2019, 92, 13–35. [CrossRef]

73. Xu, S.; Kee, K.; Mao, C. Multitasking and Work-Life Balance: Explicating Multitasking When Working from Home. J. Broadcast.
Electron. Media 2021, 65, 397–425. [CrossRef]

74. Palumbo, R.; Flamini, G.; Gnan, L.; Pellegrini, M.M. Looking for meanings at work: Unraveling the implications of smart working
on organizational meaningfulness. Int. J. Organ. Anal. 2021; ahead-of-print. [CrossRef]

75. Collins, A.M.; Hislop, D.; Cartwright, S. Social support in the workplace between teleworkers, office-based colleagues and
supervisors. New Technol. Work Employ. 2016, 31, 161–175. [CrossRef]

76. Bentley, T.; Teo, S.; McLeod, L.; Tan, F.B.; Bosua, R.; Gloet, M. The role of organisational support in teleworker wellbeing:
A socio-technical systems approach. Appl. Ergon. 2016, 52, 207–215. [CrossRef]

77. Purvanova, R.K.; Muros, J.P. Gender differences in burnout: A meta-analysis. J. Vocat. Behav. 2010, 77, 168–185. [CrossRef]
78. Innstrand, S.T.; Langballe, E.M.; Falkum, E.; Aasland, O.G. Exploring within- and between-gender differences in burnout:

8 different occupational groups. Int. Arch. Occup. Environ. Health 2011, 84, 813–824. [CrossRef] [PubMed]

http://doi.org/10.2105/AJPH.78.10.1336
http://www.ncbi.nlm.nih.gov/pubmed/3421392
http://doi.org/10.1037/1076-8998.1.1.27
http://doi.org/10.1037/0003-066X.44.3.513
http://www.ncbi.nlm.nih.gov/pubmed/2648906
http://doi.org/10.1080/02678370802166599
http://doi.org/10.1037/0021-9010.93.4.831
http://www.ncbi.nlm.nih.gov/pubmed/18642987
http://doi.org/10.1111/apps.12382
http://doi.org/10.5271/sjweh.1053
http://doi.org/10.1007/s10775-018-9364-7
http://doi.org/10.1002/job.2485
http://doi.org/10.1080/03643107.2011.613365
http://doi.org/10.1037/1076-8998.13.4.345
http://www.ncbi.nlm.nih.gov/pubmed/18837629
http://doi.org/10.1037/1072-5245.14.2.121
http://doi.org/10.1080/10615806.2015.1058369
http://doi.org/10.1080/02678370903282600
http://doi.org/10.1007/s11218-020-09605-8
http://doi.org/10.4321/s0213-61632005000200004
http://doi.org/10.1108/CG-09-2020-0390
http://doi.org/10.3402/qhw.v10.28838
http://doi.org/10.1037/a0037464
http://doi.org/10.1080/0960085X.2020.1800417
http://doi.org/10.3390/su12155911
http://doi.org/10.1007/s00420-018-1352-1
http://doi.org/10.1080/08838151.2021.1976779
http://doi.org/10.1108/IJOA-04-2021-2708
http://doi.org/10.1111/ntwe.12065
http://doi.org/10.1016/j.apergo.2015.07.019
http://doi.org/10.1016/j.jvb.2010.04.006
http://doi.org/10.1007/s00420-011-0667-y
http://www.ncbi.nlm.nih.gov/pubmed/21688002


Sustainability 2022, 14, 7121 19 of 20

79. Amstad, F.T.; Meier, L.L.; Fasel, U.; Elfering, A.; Semmer, N.K. A meta-analysis of work–family conflict and various outcomes with
a special emphasis on cross-domain versus matching-domain relations. J. Occup. Health Psychol. 2011, 16, 151–169. [CrossRef]
[PubMed]

80. Ahola, K.; Honkonen, T.; Virtanen, M.; Aromaa, A.; Lönnqvist, J. Burnout in Relation to Age in the Adult Working Population.
J. Occup. Health 2008, 50, 362–365. [CrossRef]

81. Anastasiou, S.; Belios, E. Effect of Age on Job Satisfaction and Emotional Exhaustion of Primary School Teachers in Greece. Eur. J.
Investig. Health Psychol. Educ. 2020, 10, 644–655. [CrossRef] [PubMed]

82. Brewer, E.W.; Shapard, L. Employee Burnout: A Meta-Analysis of the Relationship Between Age or Years of Experience.
Hum. Resour. Dev. Rev. 2004, 3, 102–123. [CrossRef]

83. Marchand, A.; Blanc, M.-E.; Beauregard, N. Do age and gender contribute to workers’ burnout symptoms? Occup. Med. 2018,
68, 405–411. [CrossRef] [PubMed]

84. Sillero, A.; Zabalegui, A. Organizational Factors and Burnout of Perioperative Nurses. Clin. Pract. Epidemiol. Ment. Health 2018,
14, 132–142. [CrossRef]

85. Mauno, S.; De Cuyper, N.; Kinnunen, U.; Ruokolainen, M.; Rantanen, J.; Mäkikangas, A. The prospective effects of work–family
conflict and enrichment on job exhaustion and turnover intentions: Comparing long-term temporary vs. permanent workers
across three waves. Work Stress 2015, 29, 75–94. [CrossRef]

86. Wagenaar, A.F.; Kompier, M.A.J.; Houtman, I.L.D.; van den Bossche, S.; Smulders, P.; Taris, T.W. Can labour contract differences
in health and work-related attitudes be explained by quality of working life and job insecurity? Int. Arch. Occup. Environ. Health
2012, 85, 763–773. [CrossRef]

87. Virtanen, M.; Kivimaki, M.; Joensuu, M.; Virtanen, P.; Elovainio, M.; Vahtera, J. Temporary employment and health: A review.
Int. J. Epidemiol. 2005, 34, 610–622. [CrossRef]

88. Giunchi, M.; Emanuel, F.; Chambel, M.J.; Ghislieri, C. Job insecurity, workload and job exhaustion in temporary agency workers
(TAWs): Gender Differences. Career Dev. Int. 2016, 21, 3–18. [CrossRef]

89. Maslach, C.; Jackson, S.E.; Leiter, M.P. (Eds.) Maslach Burnout Inventory Manual, 3rd ed.; Consulting Psychologists Press: Palo Alto,
CA, USA, 1996.

90. De Carlo, N.A.; Falco, A.; Capozza, D. Test di Valutazione del Rischio Stress Lavoro-Correlato Nella Prospettiva del Benessere Organizza-
tivo, Qu-Bo [Test for the Assessment of Work-Related Stress Risk in the Organizational Well-Being Perspective, Qu-Bo]; FrancoAngeli:
Milano, Italy, 2008.

91. Converso, D.; Bruno, A.; Capone, V.; Colombo, L.; Falco, A.; Galanti, T.; Girardi, D.; Guidetti, G.; Viotti, S.; Loera, B. Working
during a Pandemic between the Risk of Being Infected and/or the Risks Related to Social Distancing: First Validation of the
SAPH@W Questionnaire. Int. J. Environ. Res. Public Health 2021, 18, 5986. [CrossRef]

92. Rosseel, Y. Lavaan: An R Package for Structural Equation Modeling. J. Stat. Softw. 2012, 48, 1–36. [CrossRef]
93. Newsom, J.T. Longitudinal Structural Equation Modeling: A Comprehensive Introduction; Routledge: New York, NY, USA, 2015;

ISBN 978-1-315-87131-8.
94. Brown, T.A. Confirmatory Factor Analysis for Applied Research, 2nd ed.; Guilford Press: New York, NY, USA, 2015.
95. Fornell, C.; Larcker, D.F. Evaluating Structural Equation Models with Unobservable Variables and Measurement Error. J. Mark.

Res. 1981, 18, 39–50. [CrossRef]
96. McDonald, R.P. Test Theory: A Unified Treatment; Erlbaum: Mahwah, NJ, USA, 1999.
97. Bagozzi, R.P.; Yi, Y. Specification, evaluation, and interpretation of structural equation models. J. Acad. Mark. Sci. 2012, 40, 8–34.

[CrossRef]
98. Aiken, L.S.; West, S.G. Multiple Regression: Testing and Interpreting Interactions; Sage Publications, Inc.: Thousand Oaks, CA, USA,

1991.
99. R Core Team. R: A Language and Environment for Statistical Computing; R Foundation for Statistical Computing: Vienna, Austria, 2020.
100. Jorgensen, T.D.; Pornprasertmanit, S.; Schoemann, A.M.; Rosseel, Y. SemTools: Useful Tools for Structural Equation Modeling.

Available online: https://cran.r-project.org/web/packages/semTools/index.html (accessed on 8 June 2022).
101. Finney, S.J.; DiStefano, C. Nonnormal and Categorical Data in Structural Equation Modeling. In Structural Equation Modeling:

A Second Course, 2nd ed.; Quantitative methods in education and the behavioral sciences: Issues, research, and teaching; IAP
Information Age Publishing: Charlotte, NC, USA, 2013; pp. 439–492.

102. Cohen, J. A power primer. Psychol. Bull. 1992, 112, 155–159. [CrossRef] [PubMed]
103. Becker, T.E.; Atinc, G.; Breaugh, J.A.; Carlson, K.D.; Edwards, J.R.; Spector, P.E. Statistical control in correlational studies:

10 essential recommendations for organizational researchers. J. Organ. Behav. 2016, 37, 157–167. [CrossRef]
104. Golden, T.D.; Gajendran, R.S. Unpacking the Role of a Telecommuter’s Job in Their Performance: Examining Job Complexity,

Problem Solving, Interdependence, and Social Support. J. Bus. Psychol. 2019, 34, 55–69. [CrossRef]
105. Hammer, L.B.; Neal, M.B.; Newsom, J.T.; Brockwood, K.J.; Colton, C.L. A Longitudinal Study of the Effects of Dual-Earner

Couples’ Utilization of Family-Friendly Workplace Supports on Work and Family Outcomes. J. Appl. Psychol. 2005, 90, 799–810.
[CrossRef] [PubMed]

106. Felstead, A.; Henseke, G. Assessing the growth of remote working and its consequences for effort, well-being and work-life
balance. New Technol. Work Employ. 2017, 32, 195–212. [CrossRef]

http://doi.org/10.1037/a0022170
http://www.ncbi.nlm.nih.gov/pubmed/21280939
http://doi.org/10.1539/joh.M8002
http://doi.org/10.3390/ejihpe10020047
http://www.ncbi.nlm.nih.gov/pubmed/34542525
http://doi.org/10.1177/1534484304263335
http://doi.org/10.1093/occmed/kqy088
http://www.ncbi.nlm.nih.gov/pubmed/29912439
http://doi.org/10.2174/1745017901814010132
http://doi.org/10.1080/02678373.2014.1003997
http://doi.org/10.1007/s00420-011-0718-4
http://doi.org/10.1093/ije/dyi024
http://doi.org/10.1108/CDI-07-2015-0103
http://doi.org/10.3390/ijerph18115986
http://doi.org/10.18637/jss.v048.i02
http://doi.org/10.1177/002224378101800104
http://doi.org/10.1007/s11747-011-0278-x
https://cran.r-project.org/web/packages/semTools/index.html
http://doi.org/10.1037/0033-2909.112.1.155
http://www.ncbi.nlm.nih.gov/pubmed/19565683
http://doi.org/10.1002/job.2053
http://doi.org/10.1007/s10869-018-9530-4
http://doi.org/10.1037/0021-9010.90.4.799
http://www.ncbi.nlm.nih.gov/pubmed/16060797
http://doi.org/10.1111/ntwe.12097


Sustainability 2022, 14, 7121 20 of 20

107. Kniffin, K.M.; Narayanan, J.; Anseel, F.; Antonakis, J.; Ashford, S.P.; Bakker, A.B.; Bamberger, P.; Bapuji, H.; Bhave, D.P.;
Choi, V.K.; et al. COVID-19 and the workplace: Implications, issues, and insights for future research and action. Am. Psychol.
2021, 76, 63–77. [CrossRef]

108. Hobfoll, S.E.; Halbesleben, J.; Neveu, J.-P.; Westman, M. Conservation of Resources in the Organizational Context: The Reality of
Resources and Their Consequences. Annu. Rev. Organ. Psychol. Organ. Behav. 2018, 5, 103–128. [CrossRef]

109. Halbesleben, J.R.B.; Neveu, J.-P.; Paustian-Underdahl, S.C.; Westman, M. Getting to the “COR”: Understanding the role of
resources in conservation of resources theory. J. Manag. 2014, 40, 1334–1364. [CrossRef]

110. Franken, E.; Bentley, T.; Shafaei, A.; Farr-Wharton, B.; Onnis, L.-A.; Omari, M. Forced flexibility and remote working: Opportuni-
ties and challenges in the new normal. J. Manag. Organ. 2021, 27, 1131–1149. [CrossRef]

111. Yu, Y.; Lau, J.T.; Lau, M.M. Development and validation of the conservation of resources scale for COVID-19 in the Chinese adult
general population. Curr. Psychol. 2021, 1–10. [CrossRef] [PubMed]

112. Moglia, M.; Hopkins, J.; Bardoel, A. Telework, Hybrid Work and the United Nation’s Sustainable Development Goals: Towards
Policy Coherence. Sustainability 2021, 13, 9222. [CrossRef]

113. Nasharudin, N.A.M.; Idris, M.A.; Loh, M.Y.; Tuckey, M. The role of psychological detachment in burnout and depression:
A longitudinal study of Malaysian workers. Scand. J. Psychol. 2020, 61, 423–435. [CrossRef]

114. Diener, E. Subjective well-being: The science of happiness and a proposal for a national index. Am. Psychol. 2000, 55, 34–43.
[CrossRef] [PubMed]

115. Dormann, C.; Griffin, M.A. Optimal time lags in panel studies. Psychol. Methods 2015, 20, 489–505. [CrossRef] [PubMed]
116. Melamed, S.; Armon, G.; Shirom, A.; Shapira, I. Exploring the reciprocal causal relationship between job strain and burnout:

A longitudinal study of apparently healthy employed persons. Stress Health 2011, 27, 272–281. [CrossRef]
117. Hakanen, J.J.; Bakker, A.; Schaufeli, W.B. Burnout and work engagement among teachers. J. Sch. Psychol. 2006, 43, 495–513.

[CrossRef]
118. Prieto, L.L.; Soria, M.S.; Martinez, I.M.M.; Schaufeli, W. Extension of the Job Demands-Resources model in the prediction of

burnout and engagement among teachers over time. Psicothema 2008, 20, 354–360.
119. Davoli, M.; de’ Donato, F.; De Sario, M.; Di Blasi, C.; Michelozzi, P.; Noccioli, F.; Orrù, D.; Rossi, P. Andamento Della Mortalità

Giornaliera (SiSMG) Nelle Città Italiane in Relazione All’epidemia Di COVID-19. Rapporto 1 Settembre 2020–29 Giugno 2021; Ministero
della Salute: Roma, Italy, 2021.

120. De Carlo, A.; Girardi, D.; Falco, A.; Dal Corso, L.; Di Sipio, A. When Does Work Interfere with Teachers’ Private Life? An Applica-
tion of the Job Demands-Resources Model. Front. Psychol. 2019, 10, 1121. [CrossRef]

121. Podsakoff, P.M.; MacKenzie, S.B.; Lee, J.Y.; Podsakoff, N.P. Common method biases in behavioral research: A critical review of
the literature and recommended remedies. J. Appl. Psychol. 2003, 88, 879–903. [CrossRef]

122. Falco, A.; Dal Corso, L.; Girardi, D.; De Carlo, A.; Comar, M. The moderating role of job resources in the relationship between job
demands and interleukin-6 in an Italian healthcare organization. Res. Nurs. Health 2018, 41, 39–48. [CrossRef] [PubMed]

123. Falco, A.; Girardi, D.; Parmiani, G.; Bortolato, S.; Piccirelli, A.; Bartolucci, G.B.; De Carlo, N.A. Presenteismo e Salute Dei
Lavoratori: Effetti Di Mediazione Sullo Strain Psico-Fisico in Un’indagine Longitudinale [Presenteeism and Workers’ Health:
Effects of Mediation on Psycho-Physical Stress in a Longitudinal Study]. G Ital. Med. Lav. Ergon. 2013, 35, 138–150. [PubMed]

124. Wendsche, J.; Ihle, A.; Wegge, J.; Penz, M.S.; Kirschbaum, C.; Kliegel, M. Prospective associations between burnout symptomatol-
ogy and hair cortisol. Int. Arch. Occup. Environ. Health 2020, 93, 779–788. [CrossRef]

125. Contreras, F.; Baykal, E.; Abid, G. E-Leadership and Teleworking in Times of COVID-19 and Beyond: What We Know and Where
Do We Go. Front. Psychol. 2020, 11, 590271. [CrossRef]

126. Arlinghaus, A.; Bohle, P.; Iskra-Golec, I.; Jansen, N.; Jay, S.; Rotenberg, L. Working Time Society consensus statements: Evidence-
based effects of shift work and non-standard working hours on workers, family and community. Ind. Health 2019, 57, 184–200.
[CrossRef] [PubMed]

127. Pijpker, R.; Kerksieck, P.; Tušl, M.; de Bloom, J.; Brauchli, R.; Bauer, G.F. The Role of Off-Job Crafting in Burnout Prevention
during COVID-19 Crisis: A Longitudinal Study. Int. J. Environ. Res. Public Health 2022, 19, 2146. [CrossRef]

128. Kosenkranius, M.K.; Rink, F.A.; De Bloom, J.; van den Heuvel, M. The design and development of a hybrid off-job crafting
intervention to enhance needs satisfaction, well-being and performance: A study protocol for a randomized controlled trial.
BMC Public Health 2020, 20, 115. [CrossRef]

129. Tims, M.; Bakker, A.B.; Derks, D. Development and validation of the job crafting scale. J. Vocat. Behav. 2012, 80, 173–186.
[CrossRef]

130. Ingusci, E.; Signore, F.; Giancaspro, M.L.; Manuti, A.; Molino, M.; Russo, V.; Zito, M.; Cortese, C.G. Workload, Techno Overload,
and Behavioral Stress during COVID-19 Emergency: The Role of Job Crafting in Remote Workers. Front. Psychol. 2021, 12, 1141.
[CrossRef] [PubMed]

131. Zürcher, A.; Galliker, S.; Jacobshagen, N.; Mathieu, P.L.; Eller, A.; Elfering, A. Increased Working from Home in Vocational
Counseling Psychologists During COVID-19: Associated Change in Productivity and Job Satisfaction. Front. Psychol. 2021,
12, 5422. [CrossRef] [PubMed]

132. Rudolph, C.W.; Allan, B.; Clark, M.; Hertel, G.; Hirschi, A.; Kunze, F.; Shockley, K.; Schoss, M.; Sonnentag, S.; Zacher, H.
Pandemics: Implications for research and practice in industrial and organizational psychology. Ind. Organ. Psychol. Perspect. Sci.
Pract. 2021, 14, 1–35. [CrossRef]

http://doi.org/10.1037/amp0000716
http://doi.org/10.1146/annurev-orgpsych-032117-104640
http://doi.org/10.1177/0149206314527130
http://doi.org/10.1017/jmo.2021.40
http://doi.org/10.1007/s12144-021-01933-y
http://www.ncbi.nlm.nih.gov/pubmed/34155427
http://doi.org/10.3390/su13169222
http://doi.org/10.1111/sjop.12622
http://doi.org/10.1037/0003-066X.55.1.34
http://www.ncbi.nlm.nih.gov/pubmed/11392863
http://doi.org/10.1037/met0000041
http://www.ncbi.nlm.nih.gov/pubmed/26322999
http://doi.org/10.1002/smi.1356
http://doi.org/10.1016/j.jsp.2005.11.001
http://doi.org/10.3389/fpsyg.2019.01121
http://doi.org/10.1037/0021-9010.88.5.879
http://doi.org/10.1002/nur.21844
http://www.ncbi.nlm.nih.gov/pubmed/29168200
http://www.ncbi.nlm.nih.gov/pubmed/24734320
http://doi.org/10.1007/s00420-020-01528-3
http://doi.org/10.3389/fpsyg.2020.590271
http://doi.org/10.2486/indhealth.SW-4
http://www.ncbi.nlm.nih.gov/pubmed/30700670
http://doi.org/10.3390/ijerph19042146
http://doi.org/10.1186/s12889-020-8224-9
http://doi.org/10.1016/j.jvb.2011.05.009
http://doi.org/10.3389/fpsyg.2021.655148
http://www.ncbi.nlm.nih.gov/pubmed/33912116
http://doi.org/10.3389/fpsyg.2021.750127
http://www.ncbi.nlm.nih.gov/pubmed/34925154
http://doi.org/10.1017/iop.2020.48

	Introduction 
	Literature Review and Conceptual Model 
	Smart Working, Job Demands/Resources and Exhaustion: The Current Study 

	Materials and Methods 
	Participants and Procedures 
	Self-Report Measures 
	Data Analysis 

	Results 
	Confirmatory Factor Analysis 
	Hypothesis Testing 

	Discussion 
	Theoretical Implications 
	Limitations and Future Research Directions 
	Practical Implications 

	Conclusions 
	References

